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Abstract

Welfare eligibility has traditionally required presence of a minor child in the household. Welfare migra-
tion incentives should thus be stronger among mothers of young children than among mothers of older
children. Moreover, once migration has occurred, it is less likely to occur in the future, so that the
population distribution is selected on locational preferences after initial locational decisions are made.
Both of these factors suggest that welfare migration should be observed primarily among mothers of
relatively young children. Using several welfare migration measures, I present evidence of substantial
lifecycle welfare migration among women observed in the 1980 Census, with 1990 Census data suggesting
positive but relatively less welfare migration. I argue that this pattern of evidence is to be expected
based on theoretical models of the joint determination of locational choice and state benefit determina-
tion; intergenerational correlation in income also leads to the prediction of declining welfare migration.
My results suggest that previous literature on welfare migration has understated the extent of welfare
migration because of failure to address dynamic incentive and selection effects. JEL: H73, 138, J61, R23.
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1 Introduction

Policymakers of all stripes and eras have concerned themselves with welfare migration. For example, Brown
& Oates (1987) describe migration-related aspects of the English Poor Laws dating as far back as the Labour
Ordinance of 1349. In the U.S., the issue has twice come to the attention of the Supreme Court, which first
ruled in Shapiro v. Thompson (1969) that residency requirements of one year or less are unconstitutional.
More recently, the Court’s 1999 decision in Saenz v. Roe overturned laws in 15 states dictating that during
their first year of residence in a state, in-migrants receive no more than the benefit level they would have
received in their previous state.

Welfare migration is of direct policy relevance because simple arguments suggest that substantial respon-
siveness of migration to benefit differentials could cause a “race to the bottom”. Jurisdictions hoping to
offload incumbent poor or discourage others from entering may compete with each other to cut their benefit
levels below those of other areas, with the end result being inadequate support for the poor in all areas.
Brown & Oates (1987), Ladd & Doolittle (1982), Gramlich & Laren (1984) and Wheaton (1998) all register

arguments to this effect.?

1.1 Previous literature

The large empirical literature on welfare migration yields conflicting conclusions regarding not only the ex-
tent, but even the existence of welfare-induced migration. As Moffitt (1992) writes in his classic survey of
the effects of the U.S. public assistance system, much of the work up to the early 1970s found no signifi-
cant relationship between welfare differentials and migration choices. A number of later papers, relying on
less aggregated data, found significant evidence of the predicted relationship between welfare benefits and
migration flows; examples include Southwick (1981), Curran (1977) and Cebula (1979).

More recently, structural approaches taken by Gramlich & Laren (1984) and Blank (1988) have yielded
large welfare migration estimates. However, Walker’s (1994) structural model suggests little if any evidence
of welfare-induced migration, as does Levine & Zimmerman’s (1999) reduced form approach. Hoynes’s (1997)
reduced form results constitute indirect but suggestive evidence of interactions between migration, welfare

generosity and female headship. Borjas (1999) investigates immigrants’ locational choices and argues that

1Residency requirements of more than one year were ruled out by the Social Security Act of 1935, which created Aid to
Families with Dependent Children (AFDC), the main cash welfare program in the U.S. until recently. Prior to enactment of
the SSA, 20 of the 45 states having public assistance programs for dependent children required applicants to have resided in the
state for at least 2 years, 33 states required at least one year, and 9 states required at least 2 years of residence in the same town
or county (U.S. Supreme Court (1969)). AFDC was eliminated by the 1996 Personal Responsibility and Work Opportunity
Reconciliation Act (PRWORA). Because my data concern years up to 1990, references to “welfare” should be understood to
concern AFDC, not its successor program(s). I discuss PRWORA’s importance for welfare migration issues in section 5 below.

2 A second reason for concern is that numerous studies use cross-state variation in benefit levels to identify behavioral effects
of the welfare system. As a number of authors have pointed out, welfare migration raises problems for this empirical strategy:
locational choice implies that available benefits should be regarded as choice variables, not exogenous parameters (e.g. Moffitt
(1992), Levine & Zimmerman (1999), and Meyer (1999)). I will not consider this issue in this paper.



systematic location in California is evidence that welfare matters. Enchautegui (1997) finds a large impact
of welfare on migration, while Meyer (1999) characterizes his reduced form results as showing a moderate
effect; he concludes that “state governors and legislators should be more worried about the effect of benefit
levels on participation by their own constituents, than about the effects of benefits on migration of single
mothers.” Meyer (1999) and Levine & Zimmerman (1999) provide summaries of recent work on welfare

migration.

1.2 Dynamic issues

The point of departure for this paper involves simple arguments about the evolution of welfare migration
incentives over time. Unless return migration is expected to be immediate, gains or losses from migration will
accrue over an extended period of time, so migration decisions are inherently dynamic. Welfare eligibility
traditionally has been conditioned on the presence of a minor child, so future welfare eligibility and hence
the welfare gain from migration will vary with the age structure of a woman’s children. Authors of migration
studies have noted the relationship between a person’s own age and migration decisions (e.g. Schwartz
(1976), Levine & Zimmerman (1999), and Kennan & Walker (2000)). However, the link between children’s
age structure and parental migration incentives has gone unexplored, if not unnoticed.

The dynamic incentive effect due to the dependent-minor rule can be quite strong. For example, in 1975
the maximum annual benefit available to a family of two in Mississippi was $4,555, the lowest among the
48 states and the District of Columbia.? The greatest benefit available was Wisconsin’s $11,506, yielding a
difference of $6,951. Numerous authors have suggested that such differences might be sufficient to induce
welfare migration. Assuming a discount rate of 5% and a 17-year horizon instead of a one-year horizon yields
a present-valued difference in excess of $82,000 — more than 18 times Mississippi’s annual benefit. This long-
horizon gain quite clearly swamps the one-year difference. Nonetheless, one might reasonably object that
welfare migration from Mississippi to Wisconsin seems unlikely — many other factors differ besides welfare
benefit levels. It is therefore significant that long-horizon gains from migration even to other lower-benefit
states can be quite substantial. For instance, Alabama’s 1975 maximum benefit level of $5,976 was only
$1,421 greater than Mississippi’s on a one-year basis, but over a 17-year horizon, the difference is just under
$17,000 — nearly four times Mississippi’s annual level. Hence even small gains in annual benefit levels can
induce large migration incentives.

An important implication of the dependent-minor requirement is that welfare-based migration incentives
do not have teeth until a woman has children. Hence pre-maternity expectations concerning age at first birth

do not lead to any biases when I condition on oldest child’s age. Moreover, for this reason oldest child’s state

3All dollar figures in this paper are expressed in 1997 Massachusetts dollars. The data used to construct the price index
were kindly provided by David Zimmerman, and Steven Craig provided me with an explanation of their construction. These
data are described in appendix Appendix A. Benefit figures include Food Stamps benefits and account for that program’s 30%
implicit tax on AFDC benefits.



of birth can be treated as predetermined. Lastly, since a woman’s migration decisions are likely to depend
on her expected lifetime welfare participation, migration and expectations concerning last child’s year of
birth will be related. Conditional on the both the current year and expectations concerning last child’s
year of birth, there is a mechanical relationship between age of first- and last-born children. As a result,
oldest child’s age provides useful lifecycle-indexing information. Furthermore, by controlling for a woman’s
own age, it is possible to distinguish lifecycle welfare migration incentives from other lifecycle migration
incentives. I note that this is possible only because of AFDC’s dependent minor eligibility requirement.

A second dynamic issue concerns selection over time. Because greater welfare benefits in a given state
can be received only if a woman lives there, each year’s gains are lost permanently if the woman does not live
in the higher-benefit state. Thus migration should occur as soon as possible, other things equal.* Incentives
to move early-if-at-all imply that single mothers observed both having relatively older children and living
in lower-benefit states are systematically less likely to gain from welfare migration. This dynamic selection
effect, discussed in more detail in section 2, leads to downward bias of estimated welfare migration effects in

previous studies using data pooled over children’s ages.

1.3 Summary of results

As T discuss in more detail below, most measures of welfare migration have some disadvantages. To allay
concerns that arise with particular approaches, I use three measures of welfare migration in section 4. Each
measure has been used in some fashion in previous work on migration. In all cases, I report results generated
using only single mothers as well as estimates using married mothers with similar educational attainment
and oldest child’s age to form a comparison group. I also control for several demographic variables likely to
be related to migration behavior.

For data drawn from the 5% Public Use Microdata Sample (PUMS) of the 1980 Census, results from
two of the three measures support essentially all predictions of the lifecycle welfare migration hypothesis.
Results using the other measure provide some evidence of lifecycle welfare migration as well as some contrary
evidence. In general, I find that welfare migration is concentrated among mothers of younger children, and
that the effects are greater among never-married highschool dropouts than among ever-married single mothers
who have at least 12 years of education. This pattern is consistent with evidence from Bane & Ellwood (1994)
regarding long-term welfare use, which I discuss in section 3.

For data drawn from the 1990 PUMS, the same two measures continue to suggest substantial lifecycle
welfare migration for never-married dropouts. However, the effects are clearly smaller than the corresponding
ones for 1980 PUMS data. Using either the other measure or any measure for ever-married graduates yields

results that are statistically insignificant, small, or wrong-signed. I argue in section 5 that the pattern of

4This implication was first pointed out by Becker (1964) in a footnote concerning general migration incentives, i.e. not
welfare migration in particular. It has been explored empirically by Schwartz (1976), among others.



results across Censuses is to be expected, focusing on two points not previously raised in the literature.
First, theoretical models imply that the well-known reduction in the level and dispersion of state maximum
benefit levels between 1980 and 1990 should have caused a reduction in observed welfare-induced migration.
To buttress this argument, I report new descriptive evidence regarding the pattern of maximum benefit
changes across overlapping regions of the United States. Second, I argue that early parental migration and
the well-known intergenerational correlations in both welfare use and income suggest that observed welfare
migration should fall over generations, even for constant benefit levels. In section 6, I address the potential
criticism that this research is no longer relevant because of welfare reform, offering a number of reasons why

both economists and policymakers should be interested in these results. I conclude in section 7.

2 Dynamic welfare migration issues

In the first two parts of this section, I introduce the dynamic incentive and selection effects. In subsection 2.3,
I seek to clarify the role of each effect by constructing a simple model of locational choice. Using this model,
I show that even under apparently ideal (and wildly unlikely) empirical conditions — random assignment of
single mothers to location in period ¢ — consistent estimation of welfare migration is possible for only one

period unless one accounts directly for lifecycle issues.

2.1 Dynamic incentive effects

As noted above, differential migration incentives for women with old and young children arise only because of
AFDC’s categorical eligibility requirement that a dependent minor be present in recipients’ households. This
rule implies that if single mothers were randomly assigned to locations in some period, welfare migration
incentives would vary as a function of children’s age. The dynamic incentive effect thus exists because of the
dependent-minor rule and would not exist otherwise.

To see this point, define Y By as the year of birth of the woman’s first (oldest) child, and let Y'B; be
the expected year of birth of her woman’s last child. Hence at year t, ALy =t — Y By is the age of the last
child. If the woman does not expect any further children, that year is simply her youngest child’s year of
birth. Her total anticipated term of categorical eligibility is Ryt = 18 + Y B, — Y B f,5 and her remaining
years of eligibility at year ¢ may be written R; = 18 — AL;. This identity suggests using youngest child’s
age to index the lifecycle for welfare migration purposes. However, we cannot generally observe women’s
expectations regarding their last child’s year of birth, and in many cases sample members will not have given
birth to their last expected child. Moreover, indexing the lifecycle using the current youngest child’s age is

problematic. If greater welfare benefits induce greater fertility, then migration to higher-benefit states would

5Technically, this relationship holds only if we ignore cases in which a woman gives birth after her youngest child turns 18.
In such cases, which I ignore for simplicity, there will be more years of eligibility.



cause some women to have another child they would not otherwise have.® If we observe these women after
migration and birth, youngest child’s age is endogenous with respect to migration.

However, it will be possible to use oldest child’s age to index the lifecycle. Conditioning on the woman’s ex-
pectations concerning last child’s year of birth and using the definition of Ryo¢, we have By = Ryot —t + Y By = Ryor — AFy,
where AF; is the current age of the first-born (oldest) child. Thus if we condition on expectations concerning
last child’s year of birth, remaining years of eligibility at time ¢ are negatively related to oldest child’s age.
Hence in each period ¢, welfare migration incentives are well-indexed by oldest child’s age. To illustrate this
argument, consider a woman certain to have only two children, one born in 1968 and the other in 1978. At
first birth, she has 28 years of remaining welfare eligibility. In 1973, when her oldest child is five, she has
only 23 years left. This relationship between oldest child’s age and years of remaining eligibility holds even
though youngest child has not yet been born. The key issue for my purposes is that oldest child’s age varies
exogenously over time once the oldest child is born. The use of oldest child’s age to stratify samples forms

the backbone of the analysis below and is a primary methodological contribution of this paper.

2.2 Dynamic selection effects

Basic intuition would seem to suggest that, even if they do not account for dynamic incentive effects, welfare
migration studies will estimate the average effect over the lifecycle. But this intuition is wrong, because
the inability to “store” welfare benefits induces a form of dynamic selection. If agents who expect to gain
from migration do so early in the lifecycle, then over time the population will converge to a distribution in
which no agents who remain in lower-benefit states foresee any gains from migration net of moving costs
(aside from unanticipated innovations). Over the lifecycle, this dynamic selection effect causes the population
distribution to be negatively selected according to propensities for welfare migration. One further way to
conceptualize this issue is to note that location is not an iid process across time: given that a woman has
chosen purposefully to live in state k at time ¢, our expectation is that she is highly likely to choose to live
there again in ¢+ 1. This conclusion holds both for period-t movers and period-t nonmovers. Estimates from
data pooled without regard to lifecycle concerns therefore cannot be thought of as averages of any causal

effects.”

6Recent evidence (e.g. Jackson & Klerman (1996) and Rosenzweig (1999)) suggests significant welfare-induced fertility.
However, results in Hoynes (1997) suggest that interactions between migration, benefits, and female headship explain some
of these results for black women. Also, Hoffman & Foster (1999) argue that Rosenzweig’s (1999) results are sensitive to the
specification of fixed effects.

In their study using NLSY panel data, Levine & Zimmerman (1999) clearly are aware of the potential difficulties raised by
dynamic selection. They argue that “the youthfulness of the NLSY respondents lessens this problem since most respondents
were still living in their parent’s household in 1979 and have not yet made their own migration decisions” (p. 401). This
argument suggests that beginning-of-panel location may be treated as exogenous. But Levine & Zimmerman (1999) treat each
person-year observation symmetrically, so that a given person’s decision to migrate in time ¢ is assumed to be independent of
that person’s decision in time ¢ + 1. In using panel data without hazard techniques, the critical dynamic selection issue is that
beginning-of-period location be exogenous in each period of the panel. This assumption essentially requires locational choice to
be unrelated to preferences, in which case it is not clear why we would expect to see evidence of welfare migration.



2.3 A simple model

Because period t’s potential welfare benefit gains can be captured only if the woman actually lives in the
higher-benefit state in period ¢, the dynamic selection effect would exist even if eligibility were not conditioned
on children’s age structure. Hence the dynamic incentive effect reinforces dynamic selection, by causing
migration to occur systematically when children are young. In order to distinguish these effects conceptually,
it will be useful to construct a simple model and imagine the ideal experiment for evaluating welfare migration.

Assume that each woman has either one minor child or none. At each time ¢, mothers are indexed by
their child’s age a(t) (assumed to take only integer values), with categorical welfare eligibility requiring that
a < 2. Among women who have not yet given birth, I consider only those who will give birth in the next
period; I refer to these women as type a = —1. Assume also that there are two jurisdictions, one (H) with
high benefits and the other (L) with low benefits. For simplicity, assume “on average” there are no other
differences across states, though agents have idiosyncratic unobserved preferences for the two states, so that
the steady state population distribution is nondegenerate. Assume that moving takes no time and that
moving costs are invariant across time and child’s age. Moreover, assume these costs are great enough to
deter migration from L to H when benefits are available for only one period, but that at least some women
would benefit from an L-to-H move if they could receive benefits for at least two periods. Lastly, assume
that agents discount future utility by some positive amount.

In a perfect world, we would start in period ¢ by randomly assigning some women to jurisdiction H and
some to jurisdiction L, keeping track of a(t) for each mother. We would then observe net L-to-H migration
between period ¢ and period ¢ + 1 as a function of a(t). Since moving costs are constant across child’s
age, would-be welfare migrants whose child is not yet born (a(t) = —1) will wait until the next period to
move. Because of moving costs, women whose child is old enough that they will lose eligibility next period
(a(t) = 2) will not systematically migrate toward H. Among women whose youngest child is newborn or aged
1 (a(t) € {0,1}) moving from L to H allows two or more periods of gains in benefits, which has been assumed
to be worthwhile for some mothers who would not otherwise move. Hence there will be net migration into
H among these women, but not among other mothers. Critically, our randomization of period-¢ location
implies that systematic L-to-H migration only among mothers of sufficiently young children is reflects only
the dynamic incentive effect, rather than any dynamic selection effects.

for the single period between ¢ and t+ 1, period, pooling the sample without regard to child’s age does yield
a consistent estimate of the one-period average welfare migration effect across children’s age. This conclusion
follows because we randomly assigned location in period ¢t. Now consider locational choice between ¢ and
t + 1 among the original randomized sample, without re-randomizing location in ¢ + 1. Begin with mothers
whose child was newborn in period ¢ (a(t) = 0) and who were randomly assigned to L. Those who moved to
H will stay there in ¢ + 1, since they are able to get higher benefits in H without paying any moving cost.

Now, a(t + 1) = 1 mothers who were randomly assigned to L in ¢ and who did not move to H in period ¢



have already revealed that they would not gain from migration given two periods of greater benefits. The
gain to migration can only fall over time, since the eligibility period is capped as a function of child’s age.
Hence a(t + 1) = 1 mothers will not move from L to H in period ¢ + 1.2

The dynamic selection problem arises because some fraction of type a(t + 1) = 1 women would have
moved with random assignment in ¢ 4+ 1, but do not move in our example because they already did so in
period t. Hence pooling data without regard to child’s age in ¢ 4+ 1 leads to a downwardly-biased estimate of
one-period welfare migration over the (¢t + 1)-to—(t + 2) period. It is critical to note that despite the initial
randomization of location, the dynamic selection problem will arise unless location is exogenously reassigned
every period. Dynamic incentive effects only reinforce this dynamic selection problem, since the dependent
minor rule disproportionately rewards migration early in the lifecycle as indexed by child’s age.

Measuring welfare migration on a lifetime basis allows us to circumvent the dynamic selection effect. In
the above example, randomization in ¢ allows consistent estimates of net migration into jurisdiction H for
the full period between t and ¢t + 2. Hence the dynamic selection effect is specific to pooling of data over
a fixed window of time all of which occurs after initial (¢ + 1) locational decisions are made. In a more
general model, all welfare migration will not necessarily be confined to the first period, so we will still need
to separate groups by child’s age. In practice, the principle testable implication of this framework is the
prediction that lifetime welfare migration will be increasing in child’s age for sufficiently young children.
Lifetime welfare migration is predicted to level off as a function of child’s age, since at some point all women
who expect to gain from migration will have done so. In order to attack the question of lifetime migration,
I will use data on oldest child’s state of birth to construct measures of “since-birth” welfare migration. This
approach has not been taken before and constitutes an important contribution of this paper, since it allows
me to use large samples from the PUMS to address long-term migration behavior.’

The discussion and model presented in this section allow the two dynamic effects to be conceptually
separated. Dynamic incentive effects involve systematic variation across children’s age structure in the
response of migration decisions to exogenous variation in location and available benefits. Given an exogenous
population distribution, dynamic incentive effects suggest that the response to variation in benefits will be
heterogeneous across children’s age structure. Dynamic selection effects involve systematic variation over
time in the characteristics of people who are observed to be located in given jurisdictions. The dynamic
selection effect implies that over time, observed variation in location becomes “less and less” exogenous.
Moreover, the dynamic selection effect implies that even with perfectly myopic mothers consider only current-

period gains from migration, welfare migration should be decreasing in oldest child’s age.

8Behavior of type a(t + 1) = 2 agents in period ¢ + 1 is not important here. However, I note that a similar argument to the
one just used mothers establishes a fortiori that type a(t + 1) = 2 period-¢t nonmovers will not move in ¢ 4+ 1, while period ¢
L-to-H movers are already in the higher-benefit state in period ¢t + 1.

9The drawbacks of using only five-year migration variables have been noted in the literature, e.g. by Levine & Zimmerman
(1999).



3 Lifecycle Migration and Dynamic Welfare Use: Basic Evidence

The dynamic incentive effect generated by AFDC’s dependent minor rule is specific to welfare migration.
However, dynamic selection is a more general phenomenon, as Becker’s (1964) argument suggests. Migration
rates should be decreasing in own age, at least for young to middle-aged adults. As such, it is important
for me to establish that migration behavior varies predictably over children’s lifecycle once we control for

mothers’ age.

3.1 Five-year and since-birth migration of single and married mothers

Figure la reports migration rates between 1975-80 for single mothers whose oldest child was at least five at
Census time.'9 The figure suggests that five-year migration is much more likely among single mothers whose
oldest child is relatively young: the five-year migration rate is 14.0% for single mothers of five-year-olds,
and just 5.6% for mothers of seventeen-year-olds. Five-year migration rates for married mothers, plotted in
Figure 1b, exhibit the same pattern.!’ The decline of five-year migration rates in oldest child’s age is exactly
the prediction of the dynamic selection arguments outlined above. Because it is well known that migration
rates decline in a person’s own age, all migration rates plotted in this section are computed conditional on a
set of demographic covariates. To compute the plotted rates, I regressed a dummy indicating state-to-state
migration on a full set of oldest child’s age indicators (excluding a constant) and the following controls:
mother’s age, its square, a dummy for being white, and the mother’s total number of children under 18.
Hence the rates plotted in these figures are net of any correlation of oldest child’s age with mother’s age,
race, or family size.!?

Figures 1c and 1d plot “since-birth” migration rates for single and married mothers, respectively. To
calculate these rates, I first constructed two since-birth migration variables for each observation. The first
variable is a dummy equal to 1 if the woman’s 1980 state of residence differs from her oldest child’s state of
birth, and equal to 0 otherwise. The second variable is a dummy indicating whether reported 1975 state of
residence differes from oldest child’s state of birth. Since-birth migration is the accumulation of migration

over the oldest child’s lifecycle, with all round-trip migration episodes implicitly removed.'?

10The data were constructed as follows. For each of the 1980 and 1990 5% PUMS, I select women who are either the
householder or spouse of the householder and who have at least one own child in the household. I keep only observations for
whom the total number of own children present living in the household equals the number of children ever born as reported by
the woman on her Census questionnaire. I further restrict the sample to those women who were between the ages of 15 and
45 when their oldest (i.e. first) child was born. I also drop observations for whom state of location was ever Alaska or Hawaii.
Further information about the sample is reported in appendix Appendix B.

11 The much smoother graph in Figure 1b is due to the large difference in sample size across marital status.

121 estimated these regressions after demeaning the demographic controls. Hence the rates reported should be interpreted as
the migration rate for mothers having mean values of all other demographic characteristics.

13 An apparent disadvantage of since-birth migration variables is that we do not know the precise year during which migration
took place. In my view, this is a small price to pay in return for large samples of data on long-term migration patterns. This
is particularly true because if it exists, welfare migration is likely aimed at capturing long-horizon gains. As such, long-term
migration evidence is arguably more informative than short-term (e.g. year-to-year) results.



The lifecycle arguments above suggest that since-birth migration should be increasing and concave in
oldest child’s age. This pattern is precisely the one shown in Figures 1c and 1d: long-term migration occurs
early in the oldest child’s lifecycle, with the rate of increase declining with oldest child’s age. Figures 1le — 1h
graph the same variables for single and married mothers from the 1990 PUMS. These graphs show essentially
the same patterns as Figures 1a — 1d: five-year migration is decreasing in oldest child’s age, while since-birth
migration is increasing and concave in oldest child’s age. The primary difference across Census years is that

migration rates are somewhat greater in 1980 than in 1990, particularly among mothers of older children.

3.2 Picking the right subpopulations

As Meyer (1999) notes, a common approach to defining relevant populations for welfare migration studies
is to condition on end-of-period welfare participation. Meyer (1999) demonstrates convincingly that this
approach can lead to large upward bias in estimated welfare migration effects. The problem is that women
in higher-benefit states are more likely to be eligible for welfare simply because of the higher-benefit states’
more generous income test. Even random migration across states will cause apparent welfare migration
among end-of-period welfare recipients. In this paper I follow Meyer by defining baseline populations as
entire beginning-of-period demographic subgroups in a particular location, unconditional on welfare takeup.

Meyer (1999) has also pointed out a difficulty in defining “treatment” groups of potential welfare migrants:
“a substantial fraction of any at risk group may not be likely welfare recipients, and thus effects on the overall
group are likely to be watered down estimates of the effects on likely participants” (p. 8). To avoid this low-
power problem, Meyer (1999) focuses much of his analysis on single mothers who did not finish highschool.
As expected, his results clearly suggest larger effects for dropouts than for all single mothers, as expected.

The main point of this paper is that previous estimates have been too low because of failure to account for
dynamic issues. However, the demographic group of focus is an important secondary issue. In particular, I
argue that even single mothers without a highschool diploma are too coarse a group on which to focus. Many
dropout single mothers have previously been married, raising the possibility that their likely attachment to
the welfare system is small. Virtually all evidence suggests that never-married mothers are much more
likely to participate in welfare than are ever-married single mothers. For example, among single mothers
in my 1980 PUMS sample, the rate of receipt of public assistance income (for 1979) was 51% among the
never-married and only 23% among the ever-married, unconditional on dropout status. Conditioning on
dropout status, there was a remarkably similar spread in participation across marital history: 68% of all
never-married dropouts received public assistance in 1979, by comparison to only 44% of all ever-married
dropouts; among highschool graduates, 40% of never-married mothers received public assistance and only
17% of ever-married single mothers did. For this reason, I focus most of my attention on comparisons of
effects among never-married dropouts and ever-married graduates.

Another issue concerns the pattern of welfare use across children’s age. Given my focus on the lifecycle



as indexed by oldest child’s age, it is important to establish that the pattern of welfare participation across
oldest child’s age is consistent with dynamic incentive effects. For example, if for some reason welfare
participation were particularly likely when children are old and particularly unlikely when they are young,
then dynamic incentive effects might be swamped by lifecycle patterns in welfare use. Of course, it is well-
known that quite the opposite is true: welfare participation declines with children’s ages. Figure 2a plots
1979 public assistance receipt rates for never-married dropouts and ever-married single highschool graduates
as a function of oldest child’s age, while Figure 2b does the same for 1989 public assistance receipt.*

Several facts stand out. First, public assistance receipt rates are clearly declining in oldest child’s age
for both subpopulations and Census samples. Second, for both Census samples, public assistance receipt is
much more likely among never-married dropouts than among ever-married graduates. The spread for 1979 is
consistently above 40 percentage points, while for 1989 it is never less than 35 points. Third, public assistance
receipt is extremely common among never-married dropouts: for 1979, the participation rate peaks at 72%
and never falls below 50%, while for 1989, the peak is 61% and the trough is again 50%. Fourth, public
assistance receipt is fairly rare among ever-married graduates: the peak receipt rates are 24% (1979) and
19% (1989), while in each case the trough falls below 15%.

These comparisons clearly suggest that welfare migration is much more likely among never-married
dropouts than among ever-married graduates: other things equal, there is no point in moving to a higher-
benefit state if one is not going to participate in welfare. However, these figures are cross-sectional in nature.
It remains possible that each never-married dropout has a high probability of participation in any given year
without there being significant serial persistence in welfare receipt. For example, it is well-known that most
welfare spells are short.!®

To address this concern, I appeal to evidence reported by Bane & Ellwood (1994). Using data from
the PSID, Bane & Ellwood (1994) consider women who are observed initiating a first spell. They simulate
dynamic models estimating both the total time (within a 25-year window) a woman will spend on AFDC and
the probability she will spend at least 10 years on welfare. Because welfare migration makes economic sense
only if a woman anticipates long-term welfare receipt, these figures are highly informative for my purposes.

Table 1 reproduces figures from Table 2.6 (p. 52) of Bane & Ellwood (1994). These figures show that an
ever-married highschool graduate who begins a first spell on AFDC can expect to spend just over 4 years
on welfare, with her probability of spending at least 10 years on AFDC being just over 10%. Given the

fact that relatively few ever-married graduates begin a first spell, these figures suggest that relatively few

14 As with Figure 1, the participation rates reported in Figure 2 are computed net of controls for mother’s age and its square;
a dummy for being white; and the woman’s total number of children. In addition, given the focus of this paper on lifecycle
migration, I was concerned about interactions between oldest child’s age and state benefit levels. I therefore controlled for
the maximum benefit available in the woman’s 1980 state of residence. The plotted rates are coefficients on oldest child’s age
dummies, with all controls demeaned and the constant excluded from the regression.

15For example, Levine & Zimmerman (1999) label their simulation exercise conservative because they assume that total time
on welfare after migration will be 3 years. They note that the median spell duration is about two years (Hoynes & MaCurdy
(1994)).
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ever-married graduates will perceive welfare-related gains to migration. Numbers for never-married dropouts
paint a starkly different picture. At the time she begins a first spell, a never-married dropout can expect
to spend more than 10 years on AFDC, and she has a 45% chance of spending at least that many years on
welfare. Hence there is a substantial population of women for whom welfare migration may be an attractive
option.6

Figures 3a — 3h plot interstate migration rates analogous to those in Figure 1, with the focus now on
never-married dropouts and ever-married single graduates. For both groups, the patterns across the variables
and Censuses are the same as in Figure 1a — 1h. Moreover, ever-married single graduates’ migration patterns
are not noticeably distinct from those of either all single mothers or all married mothers. By contrast, overall
migration rates are substantially lower among never-married dropouts. This finding most likely reflects their
lower resources available for migration costs (itself a common argument against the likelihood of welfare
migration). The lower rate of overall migration shows that evidence on welfare migration cannot be due to
greater overall mobility of single mothers. Lastly, I note that the general migration patterns seen above —
five-year migration decreasing and since-birth migration increasing in oldest child’s age — are observed with

never-married dropouts as well.

4 Three measures of welfare migration

Virtually any measure of welfare migration has significant disadvantages. Structural methods of modeling
the indirect utility associated with each possible location require strong assumptions regarding the form of
utility and unobservables (Meyer (1999) discusses these disadvantages in some detail). On the other hand,
most reduced form measures also face significant potential omitted variables bias. It is simply impossible
to measure and control for every determinant of locational choice, and it seems likely that some unobserved
determinants will be correlated with state benefit levels.

For this reason, I follow Meyer (1999) in using married mothers as a comparison group. Married mothers
are generally ineligible for welfare, so leaving aside insurance motives in case of divorce or participation in
AFDC-UP, their locational decisions are unlikely to be directly caused by welfare benefit levels. Nonetheless,
the identifying assumption justifying married mothers’ use as a comparison group is still strong: conditional
on other observed variables, we must believe that single mothers’ migration behavior differs from married
mothers’ only because of welfare benefit differences.

This is obviously a strong assumption. Moreover, most reduced form methods for studying migration

behavior simply cannot capture all aspects of locational choice (e.g. whether to move, and where to do so

161 report Bane & Ellwood’s (1994) figures for never-married graduates and ever-married dropouts in Table 1 to show that
these women are relatively unlikely to become long-term recipients. I did estimate models for these groups in all cases, with
the results generally falling between those for never-married dropouts and ever-married graduates. These results are available
on request.
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if migration is chosen).!” For both of these reasons, I will use three separate methods to measure welfare
migration. Each has its own disadvantages, but each also addresses at least partially the others’ faults.
To the extent that the conclusions suggested by one method are robust to using the others, we can have

relatively more confidence in the generality of conclusions regarding welfare-induced migration.

4.1 Net flows

The first measure I will use, to which I refer as the net flows measure, is adapted from Meyer (1999). To
introduce this method, let f and f;° be the rate of migration of single mothers out of states with above- and
below-median welfare benefits, respectively. The net flow of single mothers out of the higher-benefit region
is defined as n® = f — f{°. Define n™ analogously for married mothers. The difference between these net

S —nM is an estimator of the net flow of single mothers out of higher-benefit states, relative to

flows, An =n
the net flow of married mothers. Table A1 lists the state maximum benefit levels I use and the corresponding
above- and below-median classification. As Meyer (1999) emphasizes, the above-median region is essentially
the West Coast, the Northeast, and the upper Midwest, while the below-median region is the South, the

Rocky Mountains states, and the lower Midwest.!®

4.1.1 A comparison of results using pooled and age-conditioned samples

Using a sample of highschool dropouts taken from the 5% 1980 PUMS, Meyer (1999) reports An = —0.014
for the 1975-80 time period. To get a sense of the relative magnitude of this effect, Meyer assigns half
of the estimated effect to forestalled migration out of the higher-benefit region and half to added induced
migration into it. Meyer then normalizes by the overall rate of interregional migration among dropout single
mothers in his sample, which was about 0.033. Meyer’s (1999) results thus suggest that migration out of the
higher-benefit region was 50% x 0.014/0.033 = 21.2% lower, and migration into this region 21.2% higher,
because of benefit differences.

As a basis for comparison, consider an estimate of the net flow rate for single highschool dropouts with
an oldest child aged 0-4, using married highschool dropouts with an oldest child aged 0—4 as a comparison
group. Like Meyer, in constructing this estimate I do not condition on single mothers’ marital history. The

relative incentive to move over a five-year period is strong for the 0—4 category, since their children are very

17Some authors estimate multinomial logit models, allowing mothers to choose among all, or some subset of, U.S. states.
However, the independence of irrelevant alternatives assumption is clearly violated if we include all states (e.g. withdrawing
New York as an alternative will certainly affect the odds ratio for New Jersey and Pennsylvania). While some authors have
aggregated states into regions, this approach deliberately introduces measurement error into a nonlinear model, so I will not
pursue it.

18 A5 with Meyer’s (1999) use of a cost of living adjustment based on housing costs, the definition of above- and below-median
regions was relatively insensitive to use of my cost of living index. I report only results using the indexed benefits throughout
the paper. The construction of the index is discussed in appendix Appendix A, and the index numbers themselves are available
on request.
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young.!? Among these women, the net flow rate was Aoy = —0.045, three times Meyer’s estimate. To
examine the magnitude of this effect, note that the overall rate of 1975-80 interregional migration among
single dropouts in the 04 category was 0.043. Following Meyer’s approach, I thus estimate that for these
women, five-year migration into the higher-benefit region was 50% x .045/.043 = 52.3% greater due to benefit

differentials. This estimate is approximately two-and-a-half times the one reported by Meyer.

4.1.2 Econometric specification

Because many factors other than welfare benefit levels are likely to affect migration choices, I control linearly
for the covariates described above (values as of the Census of the single mother’s age, its square, a dummy
indicating whether the mother is white, the age of the mother’s oldest child, and the mother’s total number
of children under 18). In the spirit of Meyer (1999), I also use married mothers with similar educational
attainment and oldest child’s age as a comparison group to control for unobserved heterogeneity in state-level
factors affecting outmigration choices.

To see how I estimate net flow rates controlling for covariates, ignore the use of married mothers for the

moment and consider linear probability regressions?® of the form

Yiwe = Bo + Bibis + XisoBe + Eist (1)

where y:, is a dummy variable equal to 1 if single mother i’s state of residence in year ¢ (end-of-period) is
different from her state of residence in year s (beginning-of-period), and 0 otherwise. The variable of interest
is b;s, a dummy for whether the woman lived in the higher-benefit region in the beginning period. Hence
(1 can be interpreted as the flow rate of single mothers out of the higher-benefit region, with the welfare
migration hypothesis being 3; < 0.

Effects of the individual-level covariates included in X;g9 are captured by the coefficient vector 3,, while
unobservable determinants of migration are represented by €;5;. Given the inability of any researcher to fully
observe and control for all state-level determinants of locational choice, unobservable covariates of migration
may vary systematically across the high- and low-benefit regions. Such variation would result in biased
estimates of the coefficients in equation (1). To be more specific, let ¥;5; be a sufficient statistic for all
unobservable determinants over the (s,t) time period that are correlated with benefits. Hence a one-unit
increase in ¥;5¢ raises the probability of migration by one percentage point. Since @ is a sufficient statistic for

unobservables correlated with benefits, we may write 0;5¢ = Yos +715bist +vist, where s is the average value

9For women in the 04 category, it is possible that birth of the child is the result rather than the cause of migration into the
higher-benefit region. For the same reasons conditioning on end-of-period welfare receipt leads to upwardly-biased estimates of
welfare-induced migration (see Meyer (1999)), including these mothers in five-year migration estimates may bias the estimates
away from zero. This point has not been made previously. I will discuss five-year migration results for the 0—4 category primarily
as a basis for comparison to previous research.

20T choose linear probability regressions because they are simple to run and the resulting coefficients may be interpreted as
marginal effects. I have run probit and logit models of specifications described below, with qualitatively similar marginal effects.
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of correlated unobservables in the lower-benefit region, ;5 is the difference across regions in unobservables

¥ across regions, and v;s is white noise. We then have

yire = (Bo +708) + (B1 + 7118)bis + Xiso Bz + €ist (2)

where €;5; = vist + €;5t- Any variable whose increase promotes migration and whose value is greater in the
above-median region, so that y;5 > 0, will lead to positive bias in the estimated migration effect, causing us
to understate welfare migration. The converse is of course also true.

The potential bias caused by unobserved covariates has led previous researchers to focus on treatment—
control research designs (e.g. Levine & Zimmerman (1999) and Meyer (1999)). This strategy is implemented
using a comparison group that does not meet the categorical eligibility test for AFDC. For example, Levine &
Zimmerman (1999) use poor men (married and single), poor married women, and poor single women without
children as comparison groups. Meyer (1999) uses single women without children and married women with
children. Since I use oldest child’s age to index the lifecycle, I restrict consideration to comparison groups
for which I can observe the oldest child’s age. Functionally, this means I can use only married mothers with
children as a comparison group.

In terms of the equations above, using a comparison group can be motivated as follows. Suppose that

the probability that married mother ¢ moves out of her year-s state by time ¢ is given by

yM = (o + youmr) + (a1 + viar)bis + XigoBe + €ist, (3)

where all variables and coefficients are analogous to those defined above for single mothers. The assumption
that the demographic variables X have the same effect 8, on married mothers as on single mothers is
inessential but simplifies the notation. Defining an indicator variable S; equal to 1 for mothers who are
single as of the Census and 0 for mothers who are married, we can write y;s; = Siyggst + (1 - S,)y%

Substituting equations (2) and (3) into this equation, we have the regression model

Yist = oo+ yom + (Bo— a0+ vs —Yom)Si + (a1 + yim)bis +

(61 — a1 + 715 — Y1Mm)Si * bis + XigoBe + €ist, (4)

Two assumptions are jointly sufficient to identify Bi: (i) oz = 0, so that there is no per se effect of
benefits on married mothers’ migration; and (i4) y1a = 715, so that correlated unobservables affect single
and married mothers equally. Under these assumptions, bias in Bl,o s due to unobservables is differenced
out of the model. This is apparent by noting that, except for the inclusion of demographic characteristics

X, the OLS estimate of 3; in equation (4) is numerically equivalent to An, the difference-in-difference net
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flow estimate described above.

4.1.3 Lifecycle welfare migration results using net flows

Column [1] of the top panel of Table 2 reports estimates of five-year net flows for never-married dropouts in
the 1980 PUMS. The reported number in each cell is the estimate of 8; from linear probability estimates of
equation (4) for the relevant population, with the coefficient estimate scaled so that it is expressed in terms
of probability points. All regressions in the table include the demographic controls discussed above and use
married mothers as a comparison group. The first estimate suggests that for never-married dropouts whose
youngest child was aged 0-4 in 1980, the rate of migration out of the higher-benefit region was a precisely
estimated 5.79 percentage points lower than the rate of migration out of the lower-benefit region relative to
the migration behavior of otherwise similar married mothers.

Following Meyer (1998), assume that half of this net flow, or 2.9 percentage points, is due to forestalled
migration out of the higher-benefit region. Tabulations showed that among never-married (and hence single)
dropouts with a youngest child aged 0—4 in 1980, the observed flow rate out of the higher-benefit region was
2.5 percentage points. The estimate in Table 3 thus suggests that migration out of the higher-benefit region
was reduced by 2.9/(2.5 + 2.9) = 54% because of welfare benefit differences. The observed flow of these
women snto the higher-benefit region was 5.4 percentage points, so my estimates suggest that 2.9/5.4 = 54%
of increased migration into the higher-benefit region was due to benefits differences. Alternatively, we could
say that the increment to migration into the high-benefit region was 2.9/(5.4 — 2.9) = 116%.

The next two rows of this column report estimated five-year net flow effects for never-married dropouts
whose youngest child was 5-11 and 12-17 in 1980. As expected, the estimated effect decreases in oldest
child’s age. Nonetheless, the reported effects suggest significant welfare migration. Column [2] of the top
panel of Table 2 reports analogous net flow estimates for ever-married highschool graduates. Among these
mothers, the effects are less than half a percentage point, suggesting essentially no five-year welfare migration
for this population.

The results in the top panel of Table 2 thus suggest clear evidence in favor of the lifecycle welfare
migration hypothesis: large, age-varying effects of the predicted pattern among single mothers most likely
to be long-term welfare participants and essentially no effects are found among those least likely to be long-
term welfare participants. However, the lifecycle patterns are identified only by cross-cohort differences in
five-year migration. It remains possible that cohort-specific differences in migration patterns are driving
these results. To address this issue, I use the since-birth migration variables defined above. Whereas we
expected five-year welfare migration effects to be nonincreasing in oldest child’s age, lifecycle considerations
imply that since-birth welfare migration should be nondecreasing in oldest child’s age, since mothers of oldest
children have had the most time to move.

One issue that arose above involved estimating five-year welfare migration effects among mothers whose
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oldest child is 0-4. The figure reported in Table 2 in the row immediately following the “1975/85-Birth”
heading addresses this issue. This figure is the estimated net flow “effect” that occurred before these mothers
gave birth to their first child, which should be 0 in the absence of fertility effects. For never-married dropouts,
this estimate is a significant 2.21 percentage point reduction in the net flow out of the higher-benefit region.
Because these women had no children in 1975, it is possible that for them the apparent five-year welfare
migration effects are actually due to welfare-induced fertility.2

The final two panels of Table 2 report estimated since-birth net flow effects. These estimates again
provide strong support for the lifecycle welfare migration hypothesis. Among never-married dropouts in the
5-11 group (aged 0-6 in 1975), the estimated reduction in the net flow out of the higher-benefit region for
the birth-1975 period is 3.86 percentage points. Gross migration rates into and out of the higher-benefit
region over this period imply that migration out of the higher-benefit region between birth and 1975 would
have been 47% greater with no welfare differential, while migration into the higher-benefit region would have
been 49% lower.

The birth-1975 effect for the 12-17 group (aged 7-10 in 1975) is even larger than the estimated effect for
the 5-11 group. The estimated effect of 7.65 percentage points implies a reduction in migration out of the
higher-benefit region equal to 56% and an increase in migration into the higher-benefit region of 50%. Results
for the birth—1980 period are also broadly consistent with both the lifecycle welfare migration hypothesis
and the patterns for the birth-1975 and 1975-80 periods. For example, the estimated birth—1980 reduction
in net flow of 3.75 percentage points among the 0—4 group is virtually identical to the estimated reduction
of 3.86 percentage points for the 5-11 group between birth and 1975, when children in this group were 0-6.

The estimated absolute effects for total birth-1980 migration are very large among never-married dropouts.
For example, the estimate of 10.47 points among the 12-17 group is an order of magnitude greater than
Meyer’s (1998) largest estimate (for all single dropouts in the 1980 PUMS). This large difference is due to
several differences between Meyer’s approach and mine. First, the period of analysis here spans nearly the
entire childhood of the oldest child, not just a five-year period. Second, my use of never-married dropouts,
rather than all dropouts, focuses attention on a group that is particularly likely to spend a large amount of
time on welfare. Lastly, overall cross-regional migration propensities between oldest child’s birth and 12—
17 years later are actually quite substantial. Among never-married dropouts in the 12-17 category, 9.52%
moved into the higher-benefit region over the birth-1980 period. Thus Meyer’s measure of differential net
flows implies that % % 10.47/9.52 = 55% of total migration into the higher-benefit region was due to welfare
migration. The rate of migration out of the higher-benefit region for these mothers was only 3.40% between

oldest child’s birth and 1980, implying a reduction of § X 355 5== = 61% attributable to benefits differences.

21 An alternative explanation is that single women who expect to spend a large amount of time on welfare move to higher-
benefit states in anticipation of future fertility. While fully rational women would jointly choose the time and place of first
birth, there is no advantage to a childless woman of locating in a higher-benefit state, since benefits can be received only after
she is pregnant.
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In relative terms, these effects are thus similar to those described above.

Across both time periods and all age categories, the effects are much lower for ever-married highschool
graduates, although there is still some evidence of lifecycle welfare migration. These findings square nicely
with Bane and Ellwood’s (1994) evidence on expected time on welfare, discussed above.

Columns [3]-[4] of Table 2 report net flow estimates for 1990 PUMS data. The net flow results for never-
married dropouts (Column [3]) are substantially smaller than their counterparts for 1980 data. For example,
the net flow effect between oldest child’s birth and 1990 among never-married dropouts in the 12-17 group
is only 3.82 percentage points, yielding a relative effect on migration out of the higher-benefit region of
27%; the implied effect on migration into the higher-benefit region is 45%. The estimates for ever-married
highschool graduates in Column [4] are all wrong-signed and small in magnitude. Hence net flow estimates
for 1990 data suggest solid evidence in favor of lifecycle welfare migration for never-married dropouts and
no evidence for ever-married graduates.

I have argued in favor of using married mothers as a comparison group because of the possibility that
omitted variables affect the desirability of above-median states relative to below-median ones in common
ways for single and married mothers. However, omitted variables may affect migration of single and married
mothers in different ways (a point to which I will return below). Table 3 reports estimates of 3; from
equation (2), with only single mothers included. These estimates are thus net flow rates for single mothers
only, rather than relative to married mothers. For 1980 PUMS data, these results suggest the same overall
pattern as seen in Table 2, but the magnitudes are clearly smaller. This finding suggests that net flows of
married mothers in the 1980 PUMS are actually in the direction of the lower-benefit region. Among 1990
PUMS never-married dropouts, there is no evidence of welfare migration using only single mothers. Among
ever-married graduates for 1990, the wrong-signed results are actually larger in magnitude than the relative

estimates reported in Table 2.

4.2 Gross flows

The net flow measure is not without drawbacks. For instance, suppose women are not systematically moving
across regions, but they are moving to higher-benefit states within regions. In this case, the net flows
approach underestimates welfare migration. The opposite could also occur: within-region moves could be
toward lower-benefit states, so that focusing on only systematic cross-region migration overstates the degree
of welfare migration. Moreover, any omitted variables that affect migration of single and married mothers
differently will bias the results. There is no way to control for such omitted variables using the net flows
measure, since any region-level controls will be perfectly collinear with region dummies. One way to address
such concerns is to construct measures of the gross flow of women out of states as a function of states’ (own)
maximum benefit levels. This approach has been used in previous research. Levine & Zimmerman (1999)

essentially do the same thing (they use probits and evaluate marginal effects). Kennan & Walker (2000) plot
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the excess migration rates of dropout single mothers (compared to single mothers with exactly 12 years of
education) against state benefit levels for the 17 states with the largest gross outmigration flows.

To implement the gross flows approach, I regress a dummy indicating whether woman i leaves her year-s
state of residence between years s and t on a set of variables analogous to those on the right hand side
of equation (4). The only difference is that b;s is now the maximum benefit level available in woman 4’s
year-s state of residence.?? We now interpret 8; as the marginal effect on the rate of outmigration of a unit
increase in maximum benefits. As above, a negative estimate for 8; < 0 is evidence of welfare migration.
To address omitted variables concerns, I include state-level controls for per capita income and per-student

current expenditures on schools.?

4.2.1 Lifecycle welfare migration results using gross flows

Columns [1)-[2] of Table 4 report linear probability model estimates of §; from equation (4) for the gross
outmigration measure, using 1980 PUMS data. Benefits are measured in hundreds of dollars a month, so
the estimates can be interpreted as the change in the probability of leaving initial state of residence when
maximum monthly benefits are raised by $100. The gross outmigration estimates for never-married dropouts
provide some evidence of lifecycle welfare migration, although these results are not as uniformly supportive
as were the net flows estimates. The results for the 1975-80 period are most consistent with lifecycle welfare
migration. For example, the estimate for the 0-4 category implies that an additional $100 in maximum
monthly benefits lowers the probability of outmigration between 1975 and 1980 by 2.31 percentage points
among never-married dropouts whose oldest child was 0—4 in 1980. Among these women, 8.0% changed state
of residence over the 1975-80 period, so this is a 29% effect.2* This is a very large effect, but in my sample,
58% of all never-married dropouts received some income from public assistance in 1979. Since this figure
is computed without conditioning on children’s ages, it is a lower bound on the fraction of never-married
dropouts who will be on welfare at some point. Hence the effect does not seem unreasonably large.

The five-year effect declines with the age group, as expected, and is insignificantly different from 0 for the
two older groups. There is no evidence of five-year welfare migration at all among ever-married graduates.
The gross flows results for never-married dropouts over the 1985-90 period, reported in Column [3] suggest
a smaller effect of 1.15 percentage points; this effect has a p-value of 0.105. The estimates for the other
two categories are essentially 0. The estimated effects for the 1985-90 period are also 0 among ever-married

graduates.

22To remove all time-series variation in the cross-state benefits distribution, I use the end-of-period maximum welfare benefit
level in the beginning-of-period state of residence. For example, consider a woman who lives in New Hampshire in 1975. This
woman would have b;s equal to the maximum benefit available in New Hampshire in 1980, no matter where she lives in 1980.

23 As with the maximum benefit variable, I use the end-of-period value of these variables in the woman’s beginning-of-period
state.

24Tt is important to keep in mind that these estimates implicitly hold all other states’ benefit levels constant, so we cannot
use these results to simulate the effects of, say, setting all state benefit levels equal.
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Among never-married dropouts in the 0—4 category, the estimates for the period between oldest child’s
birth and 1975 suggest some evidence of pre-birth “welfare migration”, with the estimate of —0.84 having a
p-value of 0.106. There is no apparent pre-birth effect for the other three demographic groups. Turning to
estimated since-birth gross flow effects for the 1980 data, the effect is significantly negative for never-married
dropouts mothers in the 5-11 category. The estimated effect of a $100 benefit increase for these women is
approximately a 2 percentage point reduction in outmigration over each period.

I now turn to the estimates for never-married dropouts in the 12-17 group. Over the birth—1975 period,
the estimated effect is small and the standard error is large, while the effect is wrong-signed and large, though
statistically insignificant, over the period between oldest child’s birth and 1980. These estimates are the least
supportive ones I found, as I expected to find large, negative since-birth effects for this group. Moreover,
when I excluded the state per capita income and school expenditure controls, I did find large negative effects.
Further investigation confirmed the expectation that these variables are highly positively correlated with
maximum benefit levels. The school expenditures variables have little relationship with outmigration once
the income variables are included. Thus for 1980 PUMS never-married dropouts in the 12-17 category, there
is clear evidence of differential response across marital status to state income levels.

This finding raises several points. First, it suggests that the large net flow effects reported above for the
12-17 category should be interpreted with caution; the same warning follows for the benefits-gain results
reported in the next subsection. Second, it is important to note that 1975-80 migration effects for never-
married dropouts in the 0—4 category were not sensitive to exclusion of the state-level controls. Third, all
estimates for never-married dropouts in the 5-11 category were robust to inclusion or exclusion of the state-
level controls. These facts suggest the possibility of cohort-level differences for the 12-17 group. I note that
women in this group gave birth to their first child between 1962—67, a period that preceded the Supreme
Court’s 1969 Shapiro decision outlawing residency requirements. Also, most of the children in this group
were born before Medicaid’s matching rates became available for AFDC purposes, which seems to have been
related to an increase in AFDC’s prominence (I discuss this issue below). Hence it is less surprising — though
certainly not expected — that I find no evidence of welfare migration among these mothers using the gross
flows measure.

Among never-married dropouts in the 1990 PUMS, there is little evidence of since-birth gross-flows effects
— the only group for which there is even marginally significant support is the 12-17 category for the period
between oldest child’s birth and 1990. Among these women, the estimated effect of —1.91 is economically
significant and has a p-value of 0.106. For ever-married graduates in the the 1990 PUMS, all estimated
effects are either wrong-signed, small, or statistically insignificant.

Table 5 reports gross flows results using data on only single mothers. The results for never-married
dropouts in 1980 PUMS data (Column [1]) are qualitatively similar to those in Table 4 using married mothers

as a comparison group. By contrast, the 1980 results for ever-married highschool graduates (Column [2])
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are generally larger in magnitude than the corresponding estimates using the married mothers comparison
group. The 1990 results (Columns [3] and [4]) are all of the expected sign, which is a clear difference from
the relative results reported in Table 4. However, most of these estimates are statistically insignificant, and
their pattern does not generally suggest lifecycle welfare migration.

Summarizing the gross flows results, there is mixed evidence in favor of lifecycle welfare migration.
Among never-married dropouts in the 1980 PUMS, the five-year evidence is supportive for all three age
groups. There is also evidence of since-birth welfare migration for the 5-11 group. These results are robust
to the inclusion or exclusion of controls for state-level income and school expenditures. By contrast, results
for never-married dropouts in the 12-17 category clearly do not support lifecycle welfare migration, and this
finding is sensitive to use of the state-level controls. There is relatively little evidence of welfare migration
among ever-married graduates in either sample. Among 1990 PUMS never-married dropouts, most of the
results suggest no lifecycle welfare migration, although one could selectively choose estimates that provide

support.

4.3 Changes in average available maximum benefits

The gross flows approach addresses the question of whether single mothers are less likely to leave higher-
benefit states. However, it provides no information about where migrants actually go. In principle, it is
possible that migrants who leave lower-benefit states simply move to other lower-benefit states. In this case,
it would be a mistake to attribute the motivation for migration to welfare gains. Alternatively, migrants
might be equally likely to leave lower- and higher-benefit states, but always move to higher-benefit states
once they move. In this case, the gross flows measure would underestimate welfare migration.

A measure of welfare migration that addresses this concern is the migration-induced change in the maxi-
mum benefit levels for which migrants are eligible. Ignoring married mothers, the first step of this approach
is to calculate the average, across all migrants, of the maximum benefit level for which each woman is eligible
in her initial state of residence. If there are Ng single migrants, and the maximum benefit for which migrant
i was eligible in her year-s state of residence is denoted b;, then this average is simply b5 = L S°N5 b;,. 1
then calculate the analogous average across all migrants of the maximum available benefit level in the year-¢
state of residence; call this b. The benefits gain is thus defined as Ab3, = by — b3.2

The argument in favor of the benefits-gain measure is that it allows us to examine the direction in which
migrants move with respect to benefit levels. If women who migrate are moving toward higher-benefit states,

then the average of the maximum benefits for which they are eligible will rise.?

20










































149
o
s8]
)]
N 17
i)
™~
2
.06 1
5 ( 5 20
oldest
s YOB-1975 o YOB-1980
259
27
A5
A
.05 7
01 T T T
0 10 15 20
oldest
147
o
(o))
2
b A
o
m
<
'067\ T T T
5 10 15 20
oldest
= YOB-1985 ° YOB-1990
251

1
oldest

o
o8]
2
| 1A
i)
™~
2
'067\ T T T
5 5 20
oldest
s YOB-1975 o YOB-1980
259
27
A5
A
.05 7
Oi\ T T T T
0 5 10 15 20
oldest
147
o
(o))
2
b A
o
m
<
'067\ T T T
5 1 15 20
oldest
= YOB-1985 ° YOB-1990
251

oldest



o Nev-mar Dropouts » BEv-mar Graduates

0 5 10 15 20
0ldest

o Nev-mar Dropouts » BEv-mar Graduates

|

W

0 5 10 15 20
0ldest



149
? A
2
I
~
2
.06 7
T T T
5 20
oldest
s YOB-1975 o YOB-1980
259
27
A5
A
.05 7
Oi\ T T T
0 10 15 20
oldest
147
o
3 A
ih
o
m
<
.06 1
T T 7
10 15 20
oldest
= YOB-1985 ° YOB-1990
251
27

10 15 20

147
o
o8]
2
I A
~
2
.06 1
T T T
5 5 20
oldest
s YOB-1975 o YOB-1980
259
27
A5
A
.05 7
Oi\ T T T T
0 5 10 15 20
oldest
147
o
(o))
2
b A
o
m
<
'067\ T T T
5 1 15 20
oldest
= YOB-1985 ° YOB-1990

oldest



1990

Reduction between 1980 - 90
in Maximum Gain Available by Maving In

Within-region coefficient of variation,

0.250

0.200

0.150

0.100

0.050

0.050

Within-region coefficient of variation, 1980

2000

1000

-1000

0.100 0.150 0.200
200-mile, Border-to-Border Regions

0.250

KS

T
0

T I T
1000 2000 3000
200-mile, Border-to-Border Regions

T
4000

Maximum Gain Available by Moving Into This State






























